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MOTIVATION KNOWLEDGE GRAPH

Traditional text or keyword-based searches Datasets and Spatio Temporal Asset Catalogues (STAC) are organised in a Knowledge
often fail to produce needed results unless Graph hosted in ArangoDB. Datasets are interlinked by common keyword associations.
many different and manual queries are For Pangaea datasets keywords are provided as metadata. For STAC keywords were

made. While this approach can sometimes associated indirectly from publications that reference the respective catalogues.
lead to success, it often results in long

searches with imperfect results. To address
these shortcomings, we developed a ‘
knowledge graph based visual search g j s
application. This application utilizes various - | e
chart widgets and a knowledge graph at the : s —

PangaeaCorpushode
STACCorpusiode

Author

‘ : HasAuthor

HasPublication——® Publication

backend, connecting two disparate data |
repositories. Current implementation is
done for the Earth System Science (ESS)
datasets. "
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HasAbstract—™ TextNode -« HasAbstract

VISUALISATION ENABLED SEARCH APPLICATION

Visualisation Enabled Search Application (VESA) is a frontend of this application. It visualizes the metadata harvested by our Knowledge

Graph in different dimensions.
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USE CASE

Meet Dr. Smith who studies Global
Warming. He is in need of historical

oceanic data to compare his results. . .
,most of the datasets are As he was only interested in

close to Africa by Atlantic oceanic temperature, so he
Ocean” selected one data from Atlantic

Ocean and other from Pacific
Ocean

He starts by clicking
JTemperature’ on
the word cloud or
typing it over
search bar

As he needed only historical

»rise in temperature data, so he filters data before
dataset since 1980“ 1980
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